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POLICY BRIEF

The unprecedented data requirement for the Sustainable Development Goals (SDGs), in terms of breadth, scope and
indicators, coupled with a call to harness a data revolution that leverages new data sources in addition to existing
ones, underscores potential for big data sources (including mobile data, social media and satellites) to support the
measurement of SDGs. The full potential of big data would lie in its use along with more traditional measures of
statistics, looking at situations more from the perspective of what needs to be measured rather than what data is to
be used. However, there are concerns around privacy, provenance, data access, representativity and harms. This
policy paper serves to better inform policymakers of the range of insights that can be extracted from big data
sources, and how they can be leveraged to better position countries to measure and monitor the SDGs. It does this
by reviewing the current body of literature that has explored the utilization of various big data sources for specific
developmental applications. The paper also touches on the discussion around concerns of the use of big data
including privacy.
APPLICATIONS OF NON-TRADITIONAL DATA SOURCES

Mobile Phone Data: Variables relating to mobility, connectivity as well as economic status that can be derived
from mobile network data have important development applications that range from identifying the movement
of population, to the spread of diseases as well as estimating the socioeconomic status of a population.
Remote Sensing Data: Data derived from satellite imagery are particularly useful to identify changes in
topography over space and time. Variables derived from the analysis of this data have applications in early crop
yield estimation, drought monitoring, monitoring changes in deforestation, desertification and changes in waterrelated ecosystems, all relevant to various SDG targets.
Social Media Data: The analysis of social media engagement of various populations can provide a pulse of that
group in relation to various issues of interest.
THE RESEARCH

I LITERATURE/PRIOR WORK
There are numerous studies on that explore the
application of big data insights for development.
These range from the analysis of mobile network big
data for applications related to poverty (FriasMartinez et al. 2012; Gutierrez et al. 2013;
Blumenstock et al. 2015). In addition with regards to
health, studies have sought to understand the spread
of mosquito-borne diseases such as dengue
(Wesolowski et al. 2015) and malaria (Tatem et al.
2014) while others have sought to predict crime
(Bogomolov et al. 2014).

Bruce, 2010). Additionally, identifying changes in
topography can provide valuable insights on the
change in environment over space and time which can
be applied to monitor drought conditions (Rhee &
Carbone, 2010), and changes in surface water (Haas
et al. 2009).

Moreover, variables derived from the analysis of
remote sensing data can be used to provide another
angle of insights that range from leveraging nighttime
luminosity to estimate poverty (Elvidge et al. 2009),
economic development (Elvidge et al. 1997; Sutton et
al. 2007) and access to electricity (Townsend &

IV
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II METHOD
This paper is based on a review of existing literature
on non-traditional Big Data. As such, the method of
study has been desk research. Some of the main
sources have been referenced here.
AND

POLICY

There is a need for timely, disaggregated and accurate
data to measure and monitor the progress towards
achieving the targets associated with the SDGs. There is
potential for statistics office to leveraged non-

traditional data sources such as mobile phone data,
satellite-based technology and social media data among
others to generate insights that can be used to support
this. Some policy recommendations to facilitate this
includes:
Focus on what needs to be measured, rather than on
the data source. Instead of replacing traditional
sources, the greatest potential for big data at the
moment lies in complementing traditional data,
exploring solutions from an issue perspective rather
than a data source perspective – thus, measuring an
indicator may entail the use of multiple data sources,
both traditional and big data.
View insights from big data as providing a sense of
directionality as opposed to stand-alone measures. For
instance, the insights generated from big data sources
could be compared to low-resolution video while more
traditional methods may produce a high-resolution
photograph, both useful.
Expand the data ecosystem to include other entities
that produce/generate data (including private sector,
academia, and civil society) outside the traditional
system. For example, big data could be held in the
hands of the private sector, for instance mobile network
operators.
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